Supplementary Material

Table S1. The search queries. The search queries were used on May 8th, 2024 in the Web of Science Core Collection database.
	No
	Query
	Result

	1


	TS=(“machine learning”) OR TS=(“artificial intelligence”) OR TS=(“deep learning”)  OR TS=(“artificial neural network*”) OR TS=("computational intelligence") OR TS=(“deep neural network*”)
	518,100

	2
	(TS=(“traditional chinese medicine*”) NOT TS=("university of traditional chinese medicine”)) OR (TS=(“chinese medicine*”) NOT TS=("university of chinese medicine”)) OR TS=(“chinese traditional medicine*”) OR TS=("chinese herbal medicine*")
	49,874

	3
	#2 AND #1
	580

	4
	#2 AND #1 and 2024 (Exclude – Publication Years) and 2024 (Exclude – Final Publication Year)
	525

	5
	#2 AND #1 and 2024 (Exclude – Publication Years) and 2024 (Exclude – Final Publication Year) and Early Access or Proceeding Paper or Editorial Material or Retracted Publication or Meeting Abstract or Correction or Letter (Exclude – Document Types)
	502



Table S2. Co-cited references analysis.
	Author
	Year
	Journal
	Cluster
	Research Title
	Citations

	Cortes C1
	1995
	Machine Learning
	Red
	Support-Vector Networks
	20

	Cheung F2
	2011
	Nature
	Red
	TCM: Made in China
	15

	Chen CYC3
	2011
	PLOS ONE
	Red
	TCM Database@Taiwan: The World's Largest Traditional Chinese Medicine Database for Drug Screening In Silico
	19

	Breiman L.4
	2001
	Machine Learning
	Red
	Random Forests
	17

	Wu Y5
	2019
	Nucleic Acids Research
	Red
	SymMap: an integrative database of traditional Chinese medicine enhanced by symptom mapping
	15

	Ru JL6
	2014
	Journal of Cheminformatics
	Red
	TCMSP: a database of systems pharmacology for drug discovery from herbal medicines
	21

	Krizhevsky Alex7
	2017
	Communications of the ACM
	Green
	ImageNet classification with deep convolutional neural networks
	17

	He KM8
	2016
	Proceedings of the IEEE Conference on Computer Vision and Pattern Recognition (CVPR)
	Green
	Deep Residual Learning for Image Recognition
	36

	Xu Q9
	2020
	IEEE Journal of Biomedical and Health Informatics
	Green
	Multi-Task Joint Learning Model for Segmenting and Classifying Tongue Images Using a Deep Neural Network
	15

	Wang XZ10
	2013
	IEEE Transactions on Image Processing
	Green
	Statistical Analysis of Tongue Images for Feature Extraction and Diagnostics
	16

	Wang X11
	2020
	Computational and Structural Biotechnology Journal
	Green
	Artificial intelligence in tongue diagnosis: Using deep convolutional neural network for recognizing unhealthy tongue with tooth-mark
	18

	Simonyan K12
	2015
	arXiv
	Green
	Very Deep Convolutional Networks for Large-Scale Image Recognition
	23

	Jiang M13
	2012
	Journal of Ethnopharmacology
	Blue
	Syndrome differentiation in modern research of traditional Chinese medicine
	21

	Zhou XZ14
	2010
	Artificial Intelligence in Medicine
	Blue
	Development of traditional Chinese medicine clinical data warehouse for medical knowledge discovery and decision support
	16

	Zhao CB15
	2015
	Evidence-Based Complementary and Alternative Medicine
	Blue
	Advances in Patient Classification for Traditional Chinese Medicine: A Machine Learning Perspective
	15
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