Table S1. Feature selection methods and classifiers used for discrimination modeling.
	Feature selection methods*1
 (n=22)
	[bookmark: OLE_LINK6][bookmark: OLE_LINK7]CIFE[1], CMIM[1],DISR[1], ICAP[2], JMI[1], MIFS[1], MIM[1], MRMR[1], Fisher_score[3], Lap_score[3], ReliefF[4, 5], SPEC[6], Trace_ratio[7], II_I21[8], Is_I21[8], MCFS[9], NDFS[10], RFS[11], UDFS[12], F_score[2], Gini_index[2], T_score[2]

	Classifiers*2
 (n=8)
	[bookmark: OLE_LINK12][bookmark: OLE_LINK13]Logistic regression, SVM, Naïve Bayes, KNN, Decision tree, Bagging, Random forest, AdaBoosting

	*1. Implemented with an open source machine learning toolkit- scikit-feature [2]
*2. Implemented with an open source machine learning toolkit- scikit-learn [13]
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