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Purpose: The quantitative sleep EEG has been considered as electroencephalographic “fingerprint”, ie, it is stable within but differs
between individuals. So far, however, almost all studies addressing this aspect have been conducted in young men. It was therefore of
interest to know whether the sleep EEG fingerprint concept holds true in older samples of both sexes.
Patients and Methods: Data from three different subsamples of 30 healthy individuals each were reused for the present secondary
analysis (young men (YM) = 25.6 ± 2.4 years, elderly men (EM) = 69.1 ± 5.5 years, elderly women (EW) = 67.8 ± 5.7 years).
Individuals slept ten times in the sleep laboratory, resulting in a total of 900 study nights. However, to avoid misinterpretation due to
intervention-related changes in sleep EEG power spectra, only the 3 sham nights without any intervention were included, reducing the
datasets to 270. To determine stability of NREM sleep EEG power spectra between sham night pairs, within- and between-subject
Manhattan distance measures were computed separately by sample.
Results: Regardless of subsample and sham night pair, lowest distance measures, ie, largest similarity, were observed for within-
subject power spectra comparisons (range of mean distance measures for EW from 3.82 to 4.06, for EM from 3.55 to 3.63, and for YM
from 3.04 to 3.62). Moreover, intraindividual similarity did not differ substantially between samples. Between-subject power spectra
distance measures were considerably larger (range of mean distance measures for EW from 12.95 to 13.15, for EM from 12.21 to
12.57, and for YM from 10.33 to 10.78) and varied significantly between young and elderly individuals.
Conclusion: The present results support the view that the sleep EEG power spectrum is an individual trait-like characteristic that
remains unique up until old age. This finding may help to increase the sensitivity in measuring intervention effects.
Keywords: sleep EEG power spectra, aging and sleep, heritability of sleep EEG, electroencephalographic fingerprint, trait-like
quantitative EEG characteristics, individuality of sleep EEG

Introduction
Individual variability is an important issue in the science of sleep. It has been found that many sleep parameters are
subject to individual differences, which in parts reflect non-replicable and thus state-dependent variations due to specific
environmental or experimental circumstances; on the other hand, these differences may rather indicate a characteristic
trait if they are stable within an individual.1 Corresponding individual traits have also been observed for sleep spindles,
including, eg, Eggert et al,2 and for sleepiness parameters derived from pupillographic assessment.3 Traits are to some
extent genetically determined. The twin method, for example, provided important insights into the role of genetic
influences on human sleep.4 For example, a recent meta-analysis revealed that 46% of the variability in sleep duration
(range of available standardized heritability estimates between studies: 0% to 71%) and 44% of the variability in sleep
quality (range of available standardized heritability estimates between studies: 0% to 53%) could be attributed to genetic
variation between individuals, which the authors considered to be indicative of a moderate to strong genetic control.5

Another study reported significant genetic influence on some variables characterizing sleep architecture.6 Furthermore,
twin studies demonstrated a significant genetic impact on nocturnal brain activities measured by electroencephalography
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(EEG), suggesting that at least some frequency ranges in the sleep EEG are highly heritable.6–9 In one of these studies,
a heritability estimate of 96% was obtained for power spectra at the 8 to 16Hz frequency range during NREM sleep,8

whereas another study focusing on the topographical distribution of sleep EEG power in this context yielded lower
heritability estimates for these specific frequencies.9 The authors of this study reported heritability estimates for the
power spectra in the delta to sigma bands, ranging from 12% to 20% and from 1% to 20% for NREM and REM sleep,
respectively. They further observed heritability estimates ranging from 44% to 57% in the beta bands for both NREM and
REM sleep.9

Trait-like characteristics of nocturnal brain signals have also been investigated in non-twins. For this purpose, the
similarity of within- and between-individual quantitative EEG parameters obtained from longitudinal sleep EEG data was
calculated to determine the degree of individuality. This can be done on a sleep stage-specific basis either for a single
electrode site or by considering a larger topographic distribution. Studies that used this approach revealed a remarkably
stable sleep EEG power across multiple nights in the same individual, with sufficient variation between individuals to
distinguish them.10−19 For this reason, some authors introduced the term “fingerprint” when referring to the sleep
EEG.11,12

However, as van Dongen et al1 already pointed out, previous research on the fingerprint aspect mostly studied small
samples of young males. In addition, these authors mentioned that the sample selection is closely related to the extent of
individual differences, as greater heterogeneity leads automatically to more pronounced variations among participants.1

One relevant source of heterogeneity in this context is aging. Not only is senescence inevitably accompanied by a wide
variety of changes but also the moment when these changes occur is variable. For instance, Cabeza et al20 noted with
respect to cognitive aging that while advanced adulthood is predominantly linked to cognitive decline, there are older
individuals who have undergone an “optimal” aging process and, in some cases, perform as well or even better than
young adults do. Similarly, the well-documented sleep changes in older adults21,22 may also differ depending on the
quality of the aging process; individuals who age “optimally” may experience less impairment or may be affected at
a later date.23 In their leitmotif on individual differences, van Dongen et al stressed the research need to “compare the
heterogeneity of different populations with regard to the trait-specific aspects of sleep and waking functions.”1 The
investigation of the fingerprint concept in study samples that are expected to show greater variability in sleep outcome
parameters, such as healthy elderly individuals, therefore represents a valuable contribution to the respective literature.

To the best of these authors’ knowledge, Tan et al14 have been the only ones so far who considered this aspect not
only in a small sample of young adults but also in older individuals (age range: 65.3–81.8 years) by determining the
night-to-night variability of non-rapid eye movement (NREM) and rapid eye movement (REM) sleep EEG power for the
frequency range of 0.3–45 Hz. They could show that spectral values were highly consistent within individuals and did
not differ between young and elderly participants, indicating a trait-like stability of these measures.

Nevertheless, due to the small size of the senior sample (N=19; 11 females), uncertainty remains whether
the individuality of EEG power demonstrated in young males is still characteristic for older individuals. The aim of
the present analysis was therefore to provide further evidence that the sleep EEG is a physiological trait by confirming
the fingerprint concept in young men and in older individuals of both sexes.

Materials and Methods
Sources and Context of Original Research Data
Information on sleep of healthy elderly male and female individuals and of healthy young male individuals has been
collected in three different studies funded by the German Federal Office for Radiation Protection or by the Federal
Agency for Public Safety Digital Radio. The original purpose of these randomized, double-blind experimental cross-over
studies was to investigate whether an exposure to different sources of radiofrequency fields (RF-EMF) may have acute
effects on the sleeping brain as well as on the waking brain in resting state and under cognitive demand. In the present
analysis, only intervention-free sleep data were considered. The studies were approved by the ethics committee of the
Charité – University Medicine Berlin (EA4/122/13 for both studies in elderly subjects; EA4/115/09 for the study in
young males) and performed in accordance with the Declaration of Helsinki. Written informed consent was obtained
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from all volunteers prior to participation. A study withdrawal was possible at any time and for any reason; in any case,
participants were paid an appropriate financial compensation.

Participants
To be included in the study, potential candidates, recruited primarily through the Internet and/or via word-of-mouth
advertising, had to fulfill several (study-specific) enrollment criteria. These characteristics were checked at one of four
different recruitment stages: telephone interview, questionnaires, medical examination, and a screening night in the sleep
laboratory. All inclusion and exclusion criteria, together with the information about the stage at which they were screened, are
shown in Supplementary Tables S1 and S2, respectively. The flow of participants through the recruitment process was
documented for each study sample separately and has already been published elsewhere.24,25 A total of 30 individuals were
enrolled in each of the three studies. Healthy elderly men were on average 69.1 (arithmetic mean) ± 5.5 (SD) years old, healthy
elderly women 67.8 ± 5.7 years, and the mean age of the healthy young men was 25.6 ± 2.4 years. Additional information
about the participants at the time of study enrollment are provided in Table 1. For a discussion of the differences observed
between study samples at baseline, see Eggert et al.26

Experimental Setups
The experimental schedule and procedure were almost identical in all three studies. In short, each individual spent 10
nights in the sleep laboratory. An adaptation and screening night was followed by 9 experimental nights, of which 3
nights in each study were recorded either under one of two conditions with real RF-EMF exposure or under a condition
without any RF-EMF exposure. Experimental nights were scheduled on the same day of the week for each study
participant in most cases, and lights-out time was set according to the habitual bedtime at home. Moreover, participants
were instructed to go to bed at normal times and to maintain a normal daily routine on the days before an experimental
session. This was controlled by using actigraphy (Actiwatch Spectrum, Philips Respironics, Herrsching, Germany).

Because it is known that brain activity as measured by EEG power spectra may differ between RF-EMF exposure
conditions,27 it was decided to include only information from the 3 experimental nights without any exposure (sham

Table 1 Information About the Participants at the Time of Study Enrollment

Study 1 – Elderly Women (EW;
N=30)

Study 2 – Elderly Men (EM;
N=30)

Study 3 – Young Men (YM;
N=30)

Mean SD Mean SD Mean SD

Age (yrs) 67.8 5.7 69.1 5.5 25.6 2.4

BMI (kg/m²) 25.3 3.4 25.3 2.6 24.8 3.0

PSQI 3.6 1.6 2.9 1.2 3.0 1.3

ESS 4.7 2.2 5.3 2.3 7.1 1.7

SAS 25.6 4.1 24.8 4.0 23.9 3.3

SDS 28.0 3.9 26.2 4.4 26.8 4.7

MEQ 59.0 8.9 62.9 6.7 55.7 6.8

SOL (min) 17.8 14.2 10.1 7.4 10.9 6.3

SEI (%) 83.3 6.8 85.3 7.2 92.3 3.7

PLMAI (per h sleep) 6.3 6.4 2.8 4.8 0.6 1.1

Abbreviations: BMI, body mass index; PSQI, Pittsburgh Sleep Quality Index; ESS, Epworth Sleepiness Scale; SAS, Self-Rating Anxiety Scale; SDS, Self-Rating Depression
Scale; MEQ, Morningness–Eveningness questionnaire; SOL, sleep onset latency; SEI, sleep efficiency index; PLMAI, periodic limb movement arousal index.
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nights; SN) in the present analysis. The time interval between sham exposure nights ranged from 2 to 10 weeks. Detailed
descriptions of the study procedures have been presented previously.24,25

Sleep Data Recording and Processing
Sleep recording during experimental nights included only those signals necessary for sleep stage assignment, ie, scalp
electrodes to record EEG, outer canthi electrodes to monitor eye movements (electrooculography, EOG), and chin
electrodes to register the muscle tone (electromyography, EMG). Standard EEG electrode arrangement28 was comple-
mented by 13 additional electrodes to cover all 19 electrode positions of the international 10–20 system.29 EEG data were
assessed using a Varioport-based system (Becker Meditec, Karlsruhe, Germany) and a Nihon Kohden system (Nihon
Kohden, Tokyo, Japan). Differences in the recording properties of the systems were compensated for in a preprocessing
step. Time in bed was set at 480 min in the study on young men and at 450 min in the studies on older men and women.
Older individuals’ time in bed was set shorter than that of the younger men to account for the overall reduced sleep
duration in advanced age.30 In order to still be able to compare the power spectra between the three samples, time in bed
of the younger men was truncated by the last 30 min. It is important to note that by ignoring this period of time in bed,
previously collected data and processes (eg, homeostatic sleep drive) are not affected. Sleep scoring was performed using
a validated and FDA-approved computer-assisted algorithm (Somnolyzer 24×7) as described in Anderer et al.31,32 This
approach helps to minimize interrater variability.32 Sleep scoring followed the rules of the AASM.28

Power spectra were calculated for PSG epochs of 30s each. Welch’s method33 was used, based on 4s segments and 2s
overlap, ie, 14 segments per epoch. Avon-Hann taper was applied to the segments. Segments contaminated with artifacts were
excluded based on two criteria: 1) a power limit in the upper frequency range to detect, eg, EMG artifacts and 2) a limit for
sleep stage-specific peak-to-peak amplitudes to detect, eg, movement artifacts. As disturbances from the power frequency of
50 Hz would influence the sensitivity of the artifact detection, an appropriate notch filter was applied to all raw data. EEG
signals were referenced to the averaged mastoid signals. Frequencies from 0.5 Hz to 21.75 Hz at a resolution of 0.25 Hz were
included in the analysis. A more detailed description of these methodological aspects can be found in Eggert et al.26

Statistics
Following the recommendation by Gasser at al,34 the natural logarithm of the EEG power spectra was used (Note that for
some illustrations untransformed power values were plotted on a logarithmic ordinate). Individuality of NREM sleep
EEG signals recorded at C3 were quantified by proximity measures between all pairs of power spectra as described in
Finelli et al.12 Between- and within-subject distances were determined for each of the 3 possible sham night comparisons
(ie, first SN vs second SN, first SN vs third SN, and second SN vs third SN). Participants with any missing values in the
datasets due to low-quality sham night recordings were completely discarded from these analyses (Specifically, one SN
from one participant was affected by poor quality in study 1; one SN each from two participants as well as two SNs from
a third participant were affected by poor quality in study 2; and one SN each from three participants was affected by poor
quality in study 3). First, individual power spectra were z-standardized across all 86 frequency bins. Next, Manhattan
distances (sum of absolute differences between all pairs of the 86 frequency bins) were calculated for all possible
combinations of individual power spectra. Distance matrices were then visualized as triangular heatmaps. Finally,
between-subject distances for all three SNs separately as well as within-subject distances resulting from pairwise
comparisons of all 3 possible sham night combinations were tested for statistically significant differences by means of
a Wilcoxon rank sum test. Differences were deemed statistically significant at an alpha below 0.05. Another possibility to
visualize distances is to show the similarity between observations as a hierarchical structure, also known as dendrogram.
Corresponding hierarchical cluster analyses were performed similarly to Tinguely et al,16 using Ward’s method35 for
agglomerative clustering. All statistical analyses were performed with SAS 9.4 (SAS Institute, Cary NC, USA).

Results
Individuality of sleep EEG power spectra is illustrated in Figure 1 using the data of the older healthy men as an example,
although the following findings also apply to the samples of elderly women and young men (data not shown). Figure 1 shows
all-night power spectra for the 3 sham nights recorded at electrode position C3 during NREM sleep for each participant
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separately. It demonstrates that in most cases, the EEG power was quite stable within individuals (low intraindividual
variation), while there was much more variability between individuals. This interindividual variation becomes even more
obvious when the individual mean spectral values of the 3 nights are graphically contrasted (Figure 2 and Supplementary
Figures S1 and S2). Manhattan distances between power spectra of the same and different individuals were calculated to

Figure 1 Individual sleep EEG power spectra by participant for the sample of elderly men. All-night power spectral densities from 3 different nights were plotted for all 30
participants separately. Data shown were recorded at electrode position C3 during NREM sleep. Missing spectral data, either complete or in parts, occurred in participants
2, 4 and 27.
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quantify this observation. Figure 3 shows distance matrices for all three samples derived from the comparisons between first
and second SNs. For the sake of consistency, corresponding comparisons between first and third SNs as well as between second
and third SNs are presented in the supplement (Supplementary Figures S3 and S4, respectively) but are not further discussed
here. As can be seen in Figure 3, smallest distances were measured for within-subject power spectra comparisons (diagonals in
the black-framed squares) in all three samples, although the effect of greatest within-subject similarity varied slightly in
magnitude among individuals. At the same time, between-subject distance measures showed rather a diffuse pattern of
sometimes smaller and sometimes larger distances. Statistical analyses of between (BTW)- and within (WI)-subject distances
obtained from the comparisons between first and second SNs confirmed this impression (Figure 4). In each sample, WI
distance measures (mean distance measure ± SE for the sample of elderly women = 3.82 ± 0.33, elderly men = 3.59 ± 0.23,
young men = 3.04 ± 0.20) were significantly smaller than the distance measures resulting from BTW comparisons (BTW first
SN for the sample of elderly women = 12.95 ± 0.21, elderly men = 12.57 ± 0.25, young men = 10.33 ± 0.17; BTW second SN

Figure 2 Individual means of the three sleep EEG power spectra for the sample of elderly men. The figure shows all-night power spectral densities recorded at electrode
position C3 during NREM sleep averaged within participants.

A B C

Figure 3 Triangular heatmaps visualizing Manhattan distances derived from the comparisons between first and second sham nights for the sample of (A) elderly women, (B)
elderly men and (C) young men. Proximity measures were performed on NREM sleep EEG signals recorded at C3. The smaller the distances the darker the shading. The
black-framed squares mark the area of all within- and between-individual first and second sham night comparisons. Tick labels indicate the participant number.
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for the sample of elderly women = 12.97 ± 0.22, elderly men = 12.21 ± 0.23, young men = 10.39 ± 0.17. Figure 4 further shows
that WI distance measure did not differ significantly between the samples. On the other hand, the average of all BTW distances
resulting from first and second SN comparisons measured in young males (mean distance measure ± SE: 10.36 ± 0.12) were
significantly smaller than those found for the elderly women (12.96 ± 0.15) and elderly men (12.39 ± 0.17), which is also
indicated by the overall lower brightness in Figure 3. Interestingly, although the difference in distance measures between
elderly men and women was marginal, it was statistically significant. The same applied to the statistical analyses of Manhattan
distances of the first/second sham night pair (Supplementary Figure S5) and the second/third sham night pair (Supplementary
Figure S6). The latter analysis additionally revealed that the WI distance measures of elderly women and young men differed
significantly, with elderly women having slightly larger intraindividual distances than young men. Table 2 summarizes the data
on distance measures for all 3 sham night comparisons and study samples.

Agglomerative hierarchical cluster analyses revealed that clustering of within-subject pairs of NREM sleep EEG
power spectra was successful in most cases (for 24 of the 29 elderly women, for 23 of the 27 elderly men, and for 24 of
the 27 young men), ie, intraindividual brain activities during sleep showed so much similarity between each other that
most participants could be identified as separate entity (Supplementary Figures S7-S9).

Discussion
As expected, the present analysis found that similarity distance measures between NREM sleep EEG power spectra were
largest for within-subject comparisons. This observation was not only evident regardless of age but also comparable in
magnitude between samples, supporting the idea of a fingerprint-like stability of individual NREM sleep EEG spectra
across lifespan. Interestingly, however, between-subject NREM sleep EEG power spectra similarity was significantly
smaller in the elderly than in the sample of young men.

Figure 4 Comparisons of inter- and intraindividual Manhattan distances computed between the first and second sham nights for all three samples. For each sample, first
and second box plots represent the distribution of between-subject (BTW) distances for the first and second sham nights (elderly women: n=406; elderly and young men:
n=351), respectively, whereas the third box plot shows the distribution of within-subject (WI) distances between first and second sham nights (elderly women: n=29; elderly
and young men: n=27). Proximity measures were performed for NREM sleep EEG signals recorded at C3.
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Table 2 Descriptive Statistics of Manhattan Distance Measures

Comparison Study 1 – Elderly Women (EW) Study 2 - Elderly Men (EM) Study 3 - Young Men (YM)

n Mean SE Median P25 P75 n Mean SE Median P25 P75 n Mean SE Median P25 P75

WI 1st & 2nd SNs 29 3.82 0.33 3.44 2.26 4.86 27 3.59 0.23 3.43 2.66 4.44 27 3.04 0.20 2.98 2.16 3.73

WI 1st & 3rd SNs 29 3.84 0.25 3.83 3.14 4.66 27 3.55 0.28 3.62 2.30 4.40 27 3.62 0.29 3.65 2.24 4.58

WI 2nd & 3rd SNs 29 4.06 0.27 3.89 3.15 4.69 27 3.63 0.32 3.21 2.58 4.61 27 3.51 0.34 2.89 2.34 4.01

BTW 1st SNs 406 12.95 0.21 12.51 9.94 15.63 351 12.57 0.25 12.09 9.07 15.05 351 10.33 0.17 9.81 8.07 12.50

BTW 2nd SNs 406 12.97 0.22 12.78 9.61 15.96 351 12.21 0.23 11.54 9.28 14.76 351 10.39 0.17 10.04 8.17 12.33

BTW 3rd SNs 406 13.15 0.23 12.76 9.60 16.26 351 12.41 0.27 11.33 8.72 15.56 351 10.78 0.16 10.56 8.48 12.67

AVG BTW 1st and 2nd SNs — 12.96 0.15 12.59 9.81 15.88 — 12.39 0.17 11.75 9.22 14.97 — 10.36 0.12 9.96 8.12 12.43

AVG BTW 1st and 3rd SNs — 13.05 0.15 12.61 9.76 16.04 — 12.49 0.18 11.68 8.83 15.13 — 10.55 0.12 10.23 8.34 12.54

AVG BTW 2nd and 3rd SNs — 13.06 0.16 12.77 9.61 16.11 — 12.31 0.18 11.35 8.92 15.10 — 10.58 0.12 10.25 8.36 12.43

Abbreviations: WI, within-subject; BTW, between-subject; SN, sham night; AVG, average.
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The EEG spectrum reflects the current operation mode of the brain. For example, characteristic of the NREM sleep
EEG power spectrum is a pronounced slow oscillatory and delta power as well as a clear peak in the sigma or sleep
spindle frequency range.36 Although some interindividual differences may only become apparent on closer examination,
the sleep EEG spectrum is unique to an individual,10−19 which is why its morphology has been considered as
“fingerprint”.11,12 However, human sleep undergoes a (sex-specific) development during adulthood that could also affect
the fingerprint-like characteristics of the sleep EEG. Given that ageing effects are generally subject to large interindi-
vidual variation (chronological age ≠ biological age37) the extent of age-related changes in sleep may differ between two
individuals of the same age.21 If this increase in variability is further accompanied by a growing night-to-night instability
in old age, it is possible that part of the individual uniqueness will be lost, even if a personalized sleep EEG pattern can
still be recognized.

On the one hand, present results suggest that the individuality of NREM sleep EEG power spectra is generally
preserved during lifespan, as within-subject distances of sleep EEG power spectra are lowest even in senior adults
(Figures 3 and 4). This is in good agreement with the results of the study by Tan et al,14 which is the only one to date that
has also examined this trait-like sleep EEG aspect in an elderly sample. These authors determined the night-to-night
stability of computer measured NREM and REM frequency bands recorded in 19 young and 19 elderly individuals on
four non-consecutive occasions. They observed a comparably high correlation between sleep EEG power values of
different within-subject recording nights in both age groups.14 Tan et al14 further noted that this invariance occurred
despite long intervals between recordings (on average about 3 weeks). In comparison, the time interval between 2 sham
nights in the present study ranged from 1 to 10 weeks.

On the other hand, the present tendency towards larger between-subject distances in elderly individuals may be
indicative of a somewhat more pronounced EEG power spectra diversity with increasing age. Taking the NREM sleep
data of elderly men recorded at C3 as an example, Figure 2 not only illustrates that especially the characteristic peak in
the sigma band is no longer as discernible as it is in young adults (Supplementary Figure S2)14 but also that the flattening
of the curve in this particular frequency range varies strongly between individuals. It has been assumed that region-
specific changes in brain anatomy in combination with structural alterations in thalamocortical circuitry could be
responsible for the overall decreased sleep spindle activity in advanced age.38 The fact that age-related loss of brain
tissue is also supposed to occur at individual rates39 may explain the heterogeneous power spectra morphology in this
particular frequency range. If the present study had also explored discrete sleep spindles, it would have been possible to
perform correlation analyses to prove this assumption.

Nevertheless, the present study showed that the individual brain activity signature during sleep in old age remains
unique enough to be clustered almost perfectly at the participant level (Figures S2–S4). Buckelmöller et al10 also
performed hierarchical cluster analysis to highlight the similarity of intraindividual NREM and REM sleep EEG power
spectra and they were able to show an error-free separation of all four baseline nights into a distinct cluster for each of the
eight participants. Other studies using hierarchical cluster analysis in this context achieved similar successful clustering
results.16–18

The question of whether the EEG fingerprint during sleep is morphological and/or functional has not yet been
resolved. In general, the EEG is determined by anatomy and biochemistry. A brain function can be viewed as the sum of
rapidly changing biochemical and electrical processes. A recent review article reported that both brain structure and
brain functions are heritable, with estimated heritability being greater for the former (60–80%) than for the latter
(40%).40 Alternatively, longitudinal data from individuals whose brains are still undergoing neural development may
contribute to a better understanding of this matter. If the fingerprint-like sleep EEG features remain stable despite
cortical changes during the period of investigation, this could be indicative of a morphological characteristic. For
example, one study in 9–10-year-old children and in 15–16-year-old teens showed that the individual EEG power
spectrum remained relatively stable over a period of 1.5 to 3 years, as indicated by high Intraclass correlation
coefficients and successful hierarchical cluster analysis.18 On the other hand, the fact that the low-frequency and
sleep spindle frequency ranges may be more affected by external interventions than other ranges of the sleep EEG
power spectrum may corroborate their functional relevance in this context. For example, in a recent study by Ong et al17

in 15- to 19-year-old adolescents, sleep deprivation was shown to be associated with an increase in variability,
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particularly in these two frequency ranges. Nevertheless, the individual trait-like characteristics of sleep EEG remained
identifiable, as demonstrated by an overall successful hierarchical clustering.17

A limitation that may have influenced the present results concerns the eligibility criteria. The purpose of the RF-EMF
projects was to examine possible exposure effects in medically and cognitively healthy individuals, which requires
a strict selection of the study sample, especially in the cases of elderly volunteers. This, in turn, may have resulted in the
enrollment of predominantly older study participants who were still in very good health and thus, on the one hand, did
not adequately represent the target population and, on the other hand, lacked the degree of heterogeneity required to be
clearly distinguishable from the sample of young men20 Accordingly, optimal aging might complicate the ability to
distinguish the sleep of older individuals from that of younger adults, which could then reduce the significance with
respect to the research need formulated by van Dongen et al.1 A further weakness is the arbitrariness in the choice of C3
and NREM as relevant electrode location and sleep stage, respectively. Within-subject sleep EEG power spectra differ
across multiple nights not only between electrode positions11 but also between sleep stages. For example, Lewandowski
et al13 observed largest within-subject similarity for S2 and REM sleep and lowest within-subject similarity for wake and
S1 sleep. Moreover, between-subject similarity was largest for slow wave sleep.13 This implies that the individual brain
activity signature could have been less stable across aging if, for example, the N1 sleep EEG power values recorded at
frontal sites had been used instead. Future studies on the current topic are therefore recommended.

Conclusion
The present re-analysis was designed to determine whether the concept of the sleep EEG “fingerprint” demonstrated
already several times in young adults is also present in the elderly. A significant finding to emerge from this study was
a prominent invariance of sleep EEG power spectra not only in young men but also in elderly individuals of both sexes.
The results of this study are consistent with the only study conducted so far in this context. They have implications for
interventional studies assessing variables based on sleep EEG spectra. As intraindividual changes of the spectra are small
compared to interindividual differences, the sensitivity for measuring effects of the intervention can be increased if
a subject specific analysis or some type of normalization is used. The results of the present analysis have shown that this
is also true for samples of elderly males and females.
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